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Motivation : Get Spatial Trajectories Under Control
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2.3 Distance Measure for SIT Representation

e Best Match Euclidean Distance (BMED) by using a
sliding window to handle two SITs with different
lengths
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3. Experiments

Table 3: Translation Time
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2. Methodology

2.1 Notations
> A Spatial Trajectory T={P,,P,,...,P,,}, where P; =(x;y;) is the
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